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Overview 
We	
  present	
  a	
  novel	
  approach	
  for	
  automaWcally	
  generaWng	
  
image	
  descripWons	
  using:	
  
	
  

•  MulWple	
  Instance	
  Learning	
  (MIL)	
  for	
  visually	
  detecWng	
  
words	
  

•  A	
  maximum	
  entropy	
  language	
  model	
  
•  Sentence	
  ranking	
  using	
  MERT	
  and	
  a	
  Deep	
  MulWmodal	
  

Similarity	
  Model	
  (DMSM)	
  

Pipeline 

Multiple Instance Learning (MIL) 

SoftMax: 

Noisy Or: 

Re-­‐rank	
  the	
  m-­‐best	
  sentences	
  using	
  Minimum	
  Error	
  Rate	
  
Training	
  (MERT).	
  Ranking	
  is	
  based	
  on	
  the	
  following	
  features:	
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   24.1	
   1.2	
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   -­‐	
   19.3	
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